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Table 3.9 Data for Fisher’s Tea-Tasting Experiment
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» From Agresti (2002, 2 ed.) |Tatal (K) fixed@)?
TABLE 7.1 Primary Food Choice of Alligators | OF_£a0dom(3) 7 ——}j
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TABLE 7.7 Life-Length Distribution of U.S. Residents (Percent),” 1981 - X| P’!}
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Rl 0-20 24 (24 36 (44 1.6 (1.2) Z7 @3 X2 @S@,
R2 20-40 34 (3.5 7.5 (6.4) 1.4 (1.9) 29 (3.4)
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RS Over 65 729 (73.0) 55.6 (55.4) 84.9 (84.9) 37 (7)) eSS
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« From Agresti (2013, 3" ed.) R 5N
X
Table 8.7 Outcomes for Pregnant Mice in Developmental X %2 Zy
Toxncutx Study =
: X
S S Y m ~2
Concentration Response (@bno ahty) @Nﬁz
(mg/kg per day) Nonlive Malformation Normal X3
0 (controls) 5 + 1 + 281 =[297 _é&a
62.5 17 . 0 . 25 o [F_2_7272"
125 22 o 7 . 283 o | o Rl R2 R3 »
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» From Agresti (2002, 2™ ed.) @ What if they're
TABLE 2.8 Cross-Classification of Job Satisfaction by Income random ? Check Np.2-12
Job Satisfaction
Income Very Little Moderately Very
(dollars) Dissatisfied Dissatisfied Satisfied ﬁutisficd ra;sggge
R1 < 15,000 1 + 3 + 10 + 6 =
R2 15.000-25,000 2 . 3 : 10 : 7 |22
R3 25,000-40,000 1 . 6 . 14 . 12 .33
RY > 40,000 0 + 1 + 9 + 1 =121
Ve resp.  explolX] [Suff > G ord;- ecpd. K] i
(Satisfaction}) (Income)e, Stot.[> (Satisfaction) 22 I (Income) €—disc . inte.
Ist VD [ordi-] R (disc. VD .LD.MS, vs~J
2d LD |nal | R3|inte Nor=(Nir .Nia. Nia. Nuw) Rl l [@. use what
° : : .o . 2 .
. MS R2 . . base functions?
W £ RY . . 52
o statisticol modelug. l-! Gnction
Nx ”M'—ﬁm(/f_"_'g’f (Pwpxaﬁ';-&s)) disc|eg. o %
- X Helmert codings
e ~ = ]
@: how X influence &(mﬁ)orgd_f_affx? on R ég
S . o
say , whether Satisfaction T ..
when Income$ ? codings on RI -~ ,R¥
% Reading: Agresti (2013), 1.1; Faraway (2006, 1% ed.), Preface (page V) @-
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