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Example. If X, ..., X, are independent and
j:vo:ﬁ 3?#—34)‘ X 2 Ilo_mm(ﬂz, g?), fori=1, ..., n.
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lb@Definition (Joint Moment Generating Function). For random
multi - dimensional

variables X, ..., X, their joint mgf is defined as | /e tansform
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provided that the expectation exists. & L SJ‘;;?,(A) in LNp.8-38

» Example. Ifgl, ..., X, ~ multinomial(n, m, Pis oo p,,), the
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% Reading: textbook, Sec 7.7
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